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Abstract

In the paper, we consider Hilbert spaces of functions on infinite graphs,
and their compactifications.

We arrive at a sampling formula in the spirit of Shannon; the idea is that
we allow for sampling of functions f defined on a continuum completion of
an infinite graph G, sampling the continuum by values of f at points in the
graph G.

Rather than the more traditional frequency analysis of band-limited
functions from Shannon, our analysis is instead based on reproducing ker-
nel Hilbert spaces built from a prescribed infinite system of resistors on G.
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1 Introduction

We consider weighted graphs as electric networks, or in statistical mechanics,
where weights are assigned to each of the 2d edges, and for each vertex x. This
way, a weight of the graph G becomes a positive function defined on the edges
of the specified graph G. Below we develop the general theory, illustrate its
applications; and we obtain Shannon’s result as a special case. An especially
attractive statistical mechanics application is [21], [18] and [6].
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Now Shannon’s view is motivated by signal processing, i.e., engineering of
signals, see e.g., [7]: interpolation of functions (signals) on a continuum, de-
termining band-limited functions defined on a continuum from their discrete
samples. But in some cases outside the study of lattice graphs, one might only
have available the particular given (countably discrete!) graph G; no ambient
continuum; and indeed there might well be a variety of choices for an ambient
continuum. This is the viewpoint taken in the present paper.

In more detail, starting with a fixed infinite graph G, it will be convenient
for us to denote the set of vertices GY, and the edges G'. And we will study
functions on both sets; more precisely, Hilbert spaces obtained by completion
in certain quadratic forms; as well as the interconnections between spaces of
functions on G°, and on G'.

1.1 Electrical Networks

In an electrical network consider configurations of voltages and of currents. In-
terconnections between spaces may be understood with the use of the two rules
for electrical networks, Ohm’s law, and Kirchhoff’s sum-rules for current flow.
In this case, hence functions on G° represent voltages, i.e., voltage potentials,
while functions on G can be a configuration of Kirchhoff-current (measured in
Amps).

In a variety of frameworks, this analysis on weighted graphs will be devel-
oped; and these graphs in turn arise in a host of applications, the network theory
being just one of them [23].

In order to visualize our initial summary, the concepts with reference to
“grids of resistors,” i.e., networks and systems of resistors will be illustrated.
Indeed, there are a number of separate applications of the same theory already
[14], [10]. Nevertheless we are not aware of theorems that allow for realistic am-
bient spaces X for a fixed infinite weighted graph G; as well as an interpolation
in function spaces on X, from sampling points in the vertices of G. One reason
for this is that, starting with G, the choice of such an ambient continuum X is
not obvious from the given graph G. This problem will be solved with the use
of ideas from stochastic integration.

Now the study of weighted graphs is also a part of the wider subject of
random walk analysis. On the other hand, in this wider context we are really
dealing with an analysis of weighted graphs. We are looking at a positive func-
tion ¢ (the notation ¢ is for conductance, and ¢ = 1/resistance). We define a
weighted graph to be a pair (G, c) where c is a fixed positive function defined
on the set of (unordered) edges G'.

The network point of view is developed in recent papers by one of the present
authors and Erin Pearse [15], [14], motivated by electrical engineering, proba-
bility, and statistical mechanics.
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Insert an amp at one fixed vertex x, and extract it at another vertex y. Then
a current and a voltage distribution in the entire graph will be generated. Now,
the current is directed; and this results in an induced directed graph. However,
with the direction on the edges depending on choices: A different amp-in amp-
out experiment, a different current configuration on G will be induced.

We might even extract the one amp at a point at infinity, so this then involves
a subtle analysis of boundaries of infinite graphs.

When G is an infinite tree, then one can easily see that the boundary of
G, bdG should be a Cantor set; but to make this precise, a Laplace operator
on G (this will depend on the choice of conductance function ¢) must be intro-
duced; an appropriate Hilbert space in such a way that bdG attains properties
in the present discrete context, otherwise familiar from classical (continuous)
harmonic analysis, for instance the harmonic functions on G must have an inte-
gral representation, with an integral kernel on the Cartesian product GxbdG,
much analogous to the more familiar Poisson kernel from the study of harmonic
functions on an open domain in the complex plane.

We then move to the development of formula for the Laplace operator of
such a given weighted graph (G, c), and we introduce a Hilbert space H(G, ¢).
The Laplace operator will be Hermitian as a densely defined linear operator in
H(G, ¢); it could be bounded or unbounded depending on the context. It might
even have non-zero deficiency indices in the sense of von Neumann.

Now this Hilbert space H(G, ¢) must be relied on for the essential ingredients
in a harmonic analysis. While it might be natural choice to try [? sequence space
that is more simple looking, I>(G°) as a candidate for Hilbert space, this will
not work. The papers by Jorgensen and Pearse make the case that “the right”
Hilbert space is H(G, ¢) which is called the energy Hilbert space. The study of
these Hilbert spaces also entails notions of resistance distance, see [13].

This H(G, ¢) turns out to be a reproducing kernel Hilbert space (RKHS),
however not in the traditional sense of the RKHS notion, see [3, 2]. As a matter
of fact, the reproducing kernel in H(G, ¢) is a function depending on a pair of
points in G°; not just one point, which is the traditional notion of RKHS; see
e.g., [12].

Two different approaches to analysis on graphs have been used in a number
of recent papers. While separate teams of authors, ask closely related questions
about the graphs under study, the tools are different.

There has been a recent revived interest in sampling techniques, motivated
by quantization requirements in digital signal processing in part, and by contrast
to our present approach, much of this is based on harmonic analysis tools, see
e.g., [1, 5,4, 8, 9], and other investigations on Markov processes [19, 11, 20, 22,
16, 17, 13].
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2 Graphs, Signals, Shannon’s Interpolation

In this section we briefly review the standard formulation of Shannon interpo-
lation of band-limited signals, and we outline an adaptation to the analogous
interpolation on infinite graphs G. In Theorem 2.1 we state an interpolation
theorem in this context, offering an interpolation formula for functions defined
on “the” boundary bd(G) of a given graph G of G: we interpolate a certain class
of functions on bd(G) expanded from its values on the vertices in G.

In signal processing Shannon’s example

> (lsignal®) = | [If()|*dt < oo (1)
R

but not all funtions on R are signals. Here, signal is referred as observable and
band limited.

Lina = {f € L*(R) : f(-)is supported in [, 7], frequency band}.  (2)

T band-limited analogue-signals

2.1 Shannon’s Theorem:

fe Lgand satisfies interpolation

Zf sin(t n) 3)

nez t B n)
Since f is band-limited,

~

fO) = Z a(n)e™™  Fourier transform and Fourier series (4)
nez

a(n) ::g / " e f(g)do (5)
= e / () (6)

Now substitute (2.8) into (4), and we get
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_ % /R F(0)edg
= Z f(n)% /7r e?t=m)qp

~ 35 M, vt eR.
nez )

Our plan is to carry on Shannon’s idea to the realm of graphs. We need
an embedding of G°B into some counting space, called S' below, such that

dl, : G* x B such that
= > la(x, &) f(x) (9)
€GO

thus extending Shannon in the version (3).

2.2 The General Theory of Without Groups:

Interpolation for our (G, ¢) +— Hp finite energy voltage signals, where GO repre-
sent vertices, G' represent edges, and ¢ : G' — R.

Z(Voltage signal) = Z Z caylf(2) — f(y)|? < o0 (10)

xr~y

2.3 Problem

Find natural interpolation spaces B in our Hg(G,c¢) (FIX: section 4) in such a
way that Shannon’s formula

G|B
(3) ~Z +— R (Shannon)
G — “B”

so that our case Hilbert space of functions on B such that (9) holds. The object
is to get a dense subspace S — Hp with a stronger Fréchet topology such that
the dual S’ := all continuous linear functionals which satisfy

ses < s'(s1+ As2) = 8'(s1) + \s'(s2) Vs1,82€ 8, YAeC

is Fréchet continuous. S «— Hg — S’ Schwartz’s tempered distributions.
From the inner-product in Hg

ZZ% —u(y))(v(z) — v(y)).

ych
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We get that v ~ (-,v) € S’ so there is a natural embedding of Hg ~ H'g into
S’. The space S’ carries a white noise measure from the theory of stochastic
processes.

2.4 Remark

Gelfand triple
S—Hp—S (SCB) (11)

offer candidates for interpolations.
We build kernels k& : G x B +— C such that functions on B (some cleverly
defined subspace Hp.

F(B)=>_k(x,B)f(x) VBEB. (12)

zeG

So we want Hp ~ Hpg and k on G x B such that (12) holds V3 € B, Vf € Hp,
i.e., interpolation.

From the theory of energy Hilbert space from [13] we have two systems as
follows:
1 y==x

6. : GO =R §/G.(y) =
0 else
vy i GO R Avg = 6, — 5. (13)

We select a base-point 0 € GY. By Riesz 3! v, € Hg such that

(ve, flp = f(x) = f(o), Vfe€Hp; (14)

and v, satisfies (13).
We have

(02, [l = (Af)(x)
=Y cuy(fl@) = f(y))-

y~z

Theorem 2.1.

(LOp= Y f@)(A)(x), VfeSVies' (15)

z€GO\{o}

Proof. The topologies on the spaces S and S’ are as follows: Given a weighted
graph (G, ¢), then select a fixed vertex o, and let the system {v;},cqo\ (o} (called
dipoles) be as in equation (14). Since the vertex set G° is countable, we may
apply Gram-Schmidt to the system of dipoles, obtaining thereby an ONB in
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the Hilbert space Hg, say €1, €2, - - -, corresponding to vy, , Vg, -+ € Hg. Using
again (14), one checks that

3

" €ar (Tn) €y, (16)
k=1

4
8
Il

and

<55’7k7 Exn>Evﬂ% (17)

€z

n

I
wMS

s

[y

(Aeg, (z1)) Vg, - (18)
k

Il
—

In these computations, we used that Av, = §, — &g, for all z € GO\ {o}. We
now introduce the following Gelfand-triple:

S o Hp < g (19)

Fréchet space Hilbert space dual to S

where:

(i)

o)
ueHy oo ) €8 suchthatu =) cjeay, and ully =3l
J= J=

(i) ue S <D:f> the expansion (c;) in (i) satisfies:
e
Vpe N 3JK <oo suchthat |¢;| < Kj P, VjeN;
(iii) €€ 9’ <D:f> the expansion (c;) in (i) satisfies:
e
Jge N JK <oo such that |¢;| < Kj?, VjeN;
The conditions in (ii) and (iii) then define dual topologies on the pair S, S’
turning S into a Fréchet space.
As a result, we conclude that elements & € S’ are also functions on G° (=

the vertex set of ). Therefore the c—Laplace operator A (defined from the
conductance function ¢ : G' — R, ) is also acting on ', i.e., via

(AG) () =Y eay (£(z) — () -

y~z
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Note that the representations (16) and (17) depend on the ordering xi,z2, - - -
of points in G° \ {0}, while the conclusion in (15) is independent of this choice.

Also note that since the sum in (16) is finite for each x,, it follows that the
functions {v;}ycqo\ (o} are in S.

We may therefore, for all f € S, take f(&) = (f,€) g as a function on S'. As a
result, f is an extension from G to S’ via this identification, i.e., G°\ {0} — 5.
The choice of base-point o in G enters as follows: If z € G°, then

f(x) ={f,v)e = f(z) = f(o). (20)

Since o is fixed, we may restrict attention to f € S satisfying f(o) = 0.
As a result, the conclusion in (15) takes the form

fO= 3 (A9@/f). (21)
z€GO\{o}
For the proof of (21), or equivalently (15), we need:

Lemma 2.2. The Dirac functions {0} are in S. Indeed, for every x € G°\{o},
we have:

0y = c(x)vy — Z CayUy (22)

Y~z

when the summation on the RHS in (22) is finite.

Proof. For uw € Hg, we compare as follows

(c(z)vy — Z CayVy, U B = c(2)(Vz, U) B — Z Cay(vy, ) E

Yy~ Yy~

= c(x) (u(z) — u(0)) = Y _ cuy (uly) — u(0))

Yy~T
=D cay (ulx) —u(y))
Yy~

= (Au) (2)

= <5a:, u)E
Since this holds for all v € Hg, the desired formula (22) follows. O

Proof of Theorem 2.1 continued: In view of the Gelfand-triple (19), and
the duality relations (i)-(iii), we conclude that it is enough to verify (15) for
functions f on G®\ {o} having the following finite sum representation

f = Z f(x)(sm (23)
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Hence, for all £ € S/, we have

F©) =" f@)(6s, &)
=Y f@)(Ad)(x)

which is the desired conclusion.

Indeed to extend from finite sums, as in (23), to the general case on f € S,
we may use (ii) and (iii), and approximation f € S with finite representations
(23). O

Example 2.3. (Zi,1) G* = Z, U {0}, c(z,x + 1) = 1, Vz € Z; ||f|% =
32 @) = fle =1

Example 2.4. (Z,1) G° = Z, c¢(z, 2+ 1) = 1, Vx ||f|| g same as in Example 2.3

but with sum ).
TEL

Example 2.5. (Z,c) As in Examples 2.3 and 2.4, but with ¢, ;11 = ¢* with
¢ > 1 is some fixed number.

Remark 2.6. We have other properties in mind in our study of (11) but in a
way (details below!) (11) is better satisfied for interpolation than for Poisson
kernels.

2.5 Several Reasons

We get a non-trivial solution to (11) even in such cases as (Z4,1 = G) when G
does not have only bdG in our sense. But S’ (Z,1) = G is still co—dimensional;
and it satisfies (12).

Example 2.7. Let S C Hgp C S’ and {¢,} ONB in Hp then

(vg) dipole vz (0) =0, Avy =y — . (24)
(ez) ONB in Hp, €, = vy — U1
Definition 2.8.

1
HfH%=§ D If@) = fla =1, (25)
TEL
Lemma 2.9.
res < x%wﬂf@)ﬂxn? <o VpEZs. (26)
€eS = JA<oodp €7, (27)

such that |£(x) — &(x — 1)| < AzPr for all x € Zy <= polynomial growth.
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Proof. Set

1/2
17l = {5 3 @ 17@) — fa 0P| (28)
€Ly

Claim: If £ is a function on Z such that (27) holds, then (p = p¢), then there
exists C' < oo such that

(& Drel < Cllifllgpyes VS ES (29)

This special case (Z,1) works in general.

%Z &z = (f(2) = flz - 1)) (30)
€Z+
=3 Z e (E@) — & = DTS @)~ fe 1) (31)
Sy
< § ~an (7 () S = 1) (32)
by27 $€Z+m
1/2 1/2

< 2 d) (Semer@-re-nr) @)

2
by Schwarz 2 = x ol
A [ 2 1/2
=5 (5) Wlpneo (349
proves (29) where C' = g”—z, ¢(2) = %2 and (28).

This proves that (27) makes f ~» (&, f)#, into a distribution, i.e., £ € 5'.
The converse are from standard functional analysis.

As in the given case, given S is Fréchet topology from the seminorms (28),
we have

{vz}CS—HgCS. (35)

Note that (35) implies that .S is dense in Hp.

Comments:
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p1=0:[¢(z )—§(x —1)] < A = linear growth

|<Z|€ fly—1)[<=zA
1
;=1 [ |<Azy— ATEED o)
p1=q=[¢(x |<Aqu— O(z11)

If p1 = 0, then for all f € S, we have:

b SAY @) - fla )

J?EZ+
1/2
s Slg > 2| f(w) — fla—1)P
Schwarz 2 6 veZy
Am )
= TJ@WHQ the 2-seminorms on S, see (28).

Corollary 2.10. Both S and S’ are infinite dimensional.

Proof. We also noted in (35) that {v;} C S so S is infinite dimensional, But
now use (30) to conclude that

{ez} C S (36)
Indeed, & = €, satisfies
(& F) ay @ -t -1 (37)
= 2o () = €xo(z = 1) (38)
=0 ifz>x (39)
Hence (27) is satisfied and (36) holds. O

But note that S’ is still much bigger than Hp.

2.6 Topologies

Fréchet: stronger than the norm in Hg nuclear embedding a la Gelfand. Dual
of stronger is weaker than the norm topology. Even if A is bounded in this
exampling, then S C Hg, i.e., is strictly smaller.

Recall. Computations in the example, (Z4,1) Comment on (27). In the case
(Z4+,1), we have (27) <= polynomial growth, but not in general (G, ¢), etc.
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Proof. Clearly, (27) implies polynomial growth, and the converse is trivial.
If (27) holds, then 3A, p, s.t.

€(x) —&(x —1)] < Az, Ve eZy (£(0) =0)

()] = [(§(1) = £(0)) + (£(2) = €(1)) + -+ + (§(z) — &(z — 1)) (40)
< AP 4 2P1 4o g (41)
= Azx:ypl ~ Oz, (42)
y=1
which is polynomial growth by p; + 1. O

2.7 Conclusions:

S’ = all polynomial growth functions on Z, . Clearly very infinite dimensional.
But the white noise measure w is supported only on a “small” subset of S’. So
in the example (Z4, 1), we get S’ = all polynomially bounded sequences on Z ;
at least a concrete answer.

3 Sampling and Kernels

Our introduction of a suitable reproducing kernel allows us, in a general frame-
work, to offer a representation of irregular sampling; and this approach includes
both traditional periodic Shannon-sampling, as well as sampling on infinite
graph, i.e., sampling on vertex-points for functions defined on an ambient bound-
ary set for a fixed infinite graph.

Below we study sampling in the context of reproducing kernel Hilbert space
(RKHS.) The framwork includes the case of boundary sets derived from infinite
graphs, see (21).

By a positive definite kernel, we mean a function K on a set X x X where
X is fixed, and such that

Z ZcxcyK(m,y) >0 (43)
oy

for all finitely supported functions ¢ : X — R on the set X. While the theory
works for complex valued functions, the real case suffices in ons present analysis.
A discrete subset I' C X is said to be a sampling set if the following conditions
hold. To state these, we introduce a reproducing kernel Hilbert space, RKHS
H := H(K) correspond to the fixed kernel K, and we set

K, = K(z,") € H. (44)
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It is known that K, € H, Vo € X; and that

(The last property (45) is called the reproducing property.) Here (-, )3, denotes
the Hilbert inner-product in H.

For I' C X to be a sampling set, we require the following two condition to
hold: There exists an orthonormal basis (ONB) {e;, }nen and a function

A:NxI'— R (46)
such that
en = ZA(n,’y)K,y, Vn € N (47)
yel’

with the summation in (47) convergent in the norm of H.

Theorem 3.1. Let K, X, and T" be as above. Then there is a sampling kernel
S:IT'xX—R (48)

such that, for all f € H, and oll x € X, the following representation holds:

f@)=> " F)S(v,2). (49)
~vel
So the interpolation is valid for all function f € H, and all points x € X.

Proof. Since I' is a sampling set for the R=KHS H = H(K), there is an ONB

{en tnen satisfying (47).
Let f € 'H; then we have the following representation:

f(x) =Y (f.en)men (50)
neN

with convergence in the norm of H. This is by assuming the ONB property of
{en}nen, and the kernel property of H, i.e., f(x) = (f, Kz)n-

These facts also allow us to justify the following exchange of summations:
We substitute (47) inside the inner-product (f,-)» on the RHS in (50). As a
result we get:

f = Z<f7 Z A(nv 7)K7>H€n

neN vyel

= Z Z A(TL, ’Y) <fa K’Y>Hen

neN~el’

yerl neN

Hence, setting S(v,z) := ), A(n,7)en(x), the desired interpolation formular
(49) follows. O
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4 Sampling and Stochastic Process

In this section we offer certain frame estimates for our interpolation formulas.
Recall that a “frame” is a generalization of expansion formulas which are better
known for the case of orthonormal bases (ONBs) in Hilbert space. In short, a
frame is an over-complete basis, see below. In Theorem 3.1 we offer a procedure
for building frames with the use of certain Gelfand-triples. The idea here is
that, if a signal is given as a function in a specific Hilbert space H of signals on
the fixed infinite graph G, then there is an associated Gelfand triple offering an
extension S’ of H and an associated Gaussian system built on S’. This in terms
allows us to make precise frame estimates for functions in H.

H := L%(R,dz), dx = Lesbegue measure on R. (51)
K CH aclosed subspace. (52)
St ={tk}i—o CR some discrete set of sample points. (53)

Assume (S,K): JA, B e Ry 0 < A < B < oo such that

Allel? < - le(t)? < Bllel?, Ve e K with [l]® = [|¢l3, = /R (@) da.
k=0
(54)

Theorem 4.1. Let (K,St) be a pair as specified in equations (52), (53) and
(54) above, and let
S—H—S

In the norm Gelfand-space H = L?(R,dx). Let Py be the projection onto K C
H. Then

Ew(X(9)*) = 1Pxel®, Ve € S. (55)
More generally, Ew (X (p)X () = (Prp,¥) V @, ¢ € S. Indeed, if Ew(-) =
fS,(- - )dPy is the norm expectation with respect to the Wiener measure Py on
S’, then

/

EW<ei<SO7.>> = / ei<¢’w>dpw(w> = 67%“131(90”2 (56)

—~— \VJ
~ _ o e 11 —
Note that (56) as a speczaf case, K = band-limited functions = L?(—3, 3,du) =
{p € L*(R,dz)|p(z) = ffé ™G (u)du}. Moreover, the product X = X s,

1s given by the formula

X(p) = D (Pee)(t)Z;() (57)

J
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where Z; ~ N(0, ||v;]|?) on vj is a system of vector v; € K such that Pcp =
> i(Pcp)(tj)v; holds in H = L?(R,dx).

Example 4.2.
11 N .
K= LQ([—? 5],du) = the usual band-limited L“— function on R; S = Z.

(58)

Fact: In case (58), we have equal signs in both estimates in (54),

> le®)? = liel® (59)

kEZ

Proof. If ¢ € K, then by L?>— theory we get

Gu) =Y @(k)e 2 (60)

kEZ

o) = [ st = [ o)™ 2= May = (.0 = plh).k e 2
2 (61)

where {wy} is the Shannon band, and so if ¢ € K (see (58)), then

el =" e, we) 2 = le(k)? (62)

keZ keZ

which is the described two equal signs in equation (54). O

5 Frame-estimates Project

In this and the next section we show how, via the Gelfand-triples from sect 3,
functions in H take the form of Gaussian random variables. In this guise the
frame decompositions take the form of Karhunen-Loeve expansions, i.e., expan-
sions in a fundamental system if independent (identically distributed) standard
Gaussians. Below we fixed system (Zj) of i.i.d N(0,1) random variables, and
associated random variables, ), ¢, Z), where (c;) are constants, or systems of
functions. The system (Zj) will refer to a fixed probability space (¢/, cylin-
der o—algebra, P). (K,S) in (54) is similar to, or different from Example 4.2:
do(u) = E[_%é](u)du. In Example 4.2,

Xo(p) =) _eu(k)Zk() Vo €S, (63)

kEZ
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and

= 3 U(k)Z() (64)
kEZ

—

for all ¥ € LQ(—%, %) =: K; = the standard band-limited function. Note, in
both (63) and (64), (Z)kez is a system of i.i.d. N(0,1) Gaussian r.v.s.

6 Projection

Last for analogue of (63), expansion with respect to a fixed system (Zj) of i.i.d.
N(0,1) random variables. If Pg := the projection of H = L%(R,dz) write the
subspace IC, then a natural extension of (26) to (K, St) as in (52)-(53) can be
written in

X(p) = Z(PW)ZJ'(')» Vpe s (65)

where (Z;) is as before, be an independent N (0,1) system.

7 Closer Look at Systems

(K,S) asin (52) and (53) for which (54) is assumed. Note: (54) = Jwy, wa, -+ €
K (by Riesz) such that

o(tr) = (@, wi) (66)
where (-,-) is the H = L?(R,dr) inner-product. In Example 4.2, (wy,) is the
Shannon system, but in general {wy} in (66) is only determined abstractly.
Now substitute (66) — (54), to get a frame estimate

Allel? <) e wi)® < Bllgl®, Vo e K. (67)
k=0

Lemma 7.1. Let A: K — [3(Ng) be the operator A, = (o(tx))r = ({¢, wi))k €
I>(No) then A*A is invertible of on

o0

A" Ap = (i, wi)wy, (68)

k=0

Proof. Starting in the theory of frames. A system as in (67) is called a frame.
Set
= (A*A) g, (69)

then

o= (p,op)wp =Y (@, wp)v (70)
k=0 k=0
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and (70) is called a dual frame system for the closure subspace K C H =
(R, dz).
Setting Zx(-) = 9x(-) € L(S’, Pw) via on usual pair S < S’ are its extension

to H < S’ h(w) = (h,w), Vw € S’. Then it can be proven

X () = D _(Prep)(t;)Z;()- (71)
j=0
Consider formulas (66), (69), (70). We use the second expansion on RHS (69).
Ew ()= / APy
We get

Ew(Z;Z) = (vj,v)n Vi, k € No. (72)

To prove lemma, we only need to show that
Ew (X (¢)?) = || Prell?, V¢ € S(the usual Schwartz space). (73)

Proof. of (73) on theory of Lemma 7.1

/ X (¢)%dPy

Z Z Picp(ty) Prcp(ti) Bw (Z; Zy)

by (4 )T %
- Z Z Pro(t;)Peo(tr) Ew ((v;) (vr))
Tk

= Z ZPK@ t;) Pcp(tr) Ew (00k)
= Z ZPw ) Prep(t) Ew (07, u1))
ZPKQO UJ»ZPICSO tk) k)

2

ZPIGP(tJ)UJ

since w; €X

= Z(% w;)v;

= || Pcoll?
= 1P
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which is the desired form (51). Then obtain formula (52) followed by the stated
in Minlos property. O

In order to apply Minlos’ theorem, we then get S > ¢ — || Pl is con-
tained in the Fréchet tolopology of S. But the following from the formular

Pep = (Pey)(ty)v;
j

which we determined in (70) proof above.

1
1Pcel® < > IPep(t)* < Const.
see(54) j

So continuous in the Fréchet topology on S’
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